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Abstract

The present contribution investigates the potential of the Learning Using Privileged Information (LUPI) paradigm for transfer learning. The goal is to develop a parsimonious
disruption predictor with JET C-wall discharges and to perform transfer learning to ITER-like Wall (ILW) shots. Only a line integrated density (LID) signal is used for real-time
predictions and the predictor is trained with the LID signal and the mode lock as privileged information. The database consists of 439 C-wall discharges together with 471 [LW
discharges. An adaptive predictor is trained with the C-wall data and re-trainings are carried out after missed or tardy alarms. After processing the 439 C-wall discharges, the last
predictor is applied to ILW shots. Again, the predictor is re-trained adding ILW data after missed or tardy alarms.
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Conclusions
« Transfer learning has been tested with JET data: from C-wall to metallic wall * Results are valid for mitigation purposes
 LID signal + mode lock as privileged information (JT-60SA present situation) * On average, warning time O(100) ms and tardy alarms O(1) ms
 The LUPI paradigm can be used for transfer learning with data scarcity * Future work
« Adaptive predictors from scratch « The LUPI paradigm has to be tested with more signals’: 8
* |t has been tested for transfer learning from C-wall to ILW (JT-60SA relevant for the future) * Transfer learning from JET C-wall to JT-60SA C-wall
* Transfer learning from JT-60SA C-wall to JT-60SA metallic wall (long time scale)
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