Predicting disruption In future tokamaks
with fewer data by more physics-guided
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How to reduce the data requirement

> Improved CORAL as an
SDA approach from the
UDA approach
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Zero-shot: more physics guided (human input)

PGFE

» More accurate true negative samples for J-TEXT have been labeled

through the anomaly detection model.
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| “‘ Compare to J-TEXT, source and target domain are two main approaches to make the cross
EAST just like the machine disruption prediction get higher performance and fewer data

» The cross machine performance could reach AUC=0.9 zero-shot
performance by CORAL and physics guided approach.
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