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ot Jrerformance of the 5P identiication mode

e Solitary perturbations (SPs) are detected within ~ 100 us prior to the edge = e Test of the model

pedestal collapse in H-mode plasmas, which puts forward SP as a potential - Test dataset: 50 sequential data (2015-2017 KSTAR discharges)
; 26 positive examples, 12 negative examples, 12 synthetic collapse examples

candidate for the edge pedestal collapse trigger.

e We have constructed an automatic SP identification model based on a ° 1nree metrics to evaluate the model

- Per-frame accuracy (AF): The proportion of correct prediction of SP per frame

convolutional deep neural network to enable a statistical study on the _ o
- Per-sequence accuracy (AS): The proportion of correct prediction of SP per sequence

concurrency of SP and edge pedestal collapse. - Average precision (AP): Mean precision over all possible threshold weighted by recall

e We applied the developed model to a large amount of data and confirmed
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change in shape.
e SP is clearly distinguished from ELM

Qualitative validation by visualization

by spatial structure, amplitude, and

flow velocity. e Gradient based visualization technique

- Our Network is approximated by the 15t order

Taylor expansion
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